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Simple is better than complex.
Complex is better than complicated. - The Zen of Python"™
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1. Requirement
sent2vec==0. 0. 0
numpy==1. 15. 4
torch==0.4.1

2. Installation
Run install.sh and it will install sent2vec package for you.

./install. sh

3. Reproduce
. /test. sh <path to data folder> <path to output file>

e.g ./test.sh /home/final/data . /ans.csv
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