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2. Architecture
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3. Implementation
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(1) Real/Synthetic Classifier
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(2) PSMNet
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. CNN:
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. SPP Module:
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. Disparity Regression :
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(3) Monodepth
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1. Overview:

IEEAS Bsunsupervised learning » EBRE A FEZEground truthgREEMEISE - fi FHAVRTE Ry - Bl
disparity S EE » 155 E I fFloss » BT FEisupervised learning iy 773 7 e -

2. CNN:
T AR EER T 4R -

1. 4RiiE2s @ conv
2. fiEnESS © deconv

A A [Ef disparity map

3. Sampler
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5. Training
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(4) Self-reflection
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4. Results

Running Time (Evaluate one image)

Real Synthetic

Time 1.5 sec 0.5 sec

(1) Synthetic : Without Augmentation

TLO TL1 TL2 TL3 TL4 TL5 TL6 TL7 TL8 TL9 Avg

Error 0.67 0.98 0.67 0.66 1.21 0.64 0.43 0.64 0.80 1.68 0.84
(2) Synthetic : With Augmentation

TLO TL1 TL2 TL3 TL4 TL5 TL6 TL7 TL8 TL9 Avg

Error 1.56 1.02 1.25 1.11 1.13 0.96 1.55 1.04 1.60 1.09 1.23

(3) Disparity Map
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6. Execution

0. Machine Spec

Centos 1080Ti x 1

1. Install the pretrain model

bash install.sh

2. Requirement

torchvision==0.2.1
tensorflow==1.1.0
opencv_python==3.4.4.19
matplotlib==3.0.1
numpy==1.15.4
torch==0.4.1
scipy==1.1.0

3. Compute disparity!

python main.py --input-left <path to left image> --input-right <path to right image>
--output <path to output PFM file>

7. Experience
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